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Abstract — In this work we propose a methodology for 
organizing all the documents inside a whole corporate memory of 
various educational institutions. This organization of documents 
and information has also the advantage to support various 
operations inside a dedicated system. Also our organization 
methods are able to get descriptions about resources of this 
corporate memory.  Our proposal is based on text mining 
techniques.  

This work focuses in pretreatment of the data mining module 
which is a part of a complex semantic proposal for resource 
management in an organizational memory which is based on 
semantic technologies and linked open data. 

Keywords — Corporate memory; methodology; data mining; 
metadata; indexing 

I. INTRODUCTION 
 

An organization manipulates various information resources 
which express knowledge of it. This knowledge is called 
corporate memory (CM) or organizational memory (OM) and 
is defined as explicit, tacit, consistent and persistent 
representation of knowledge [1]. 

The management of information within an organization has 
the aim to support various activities such as: information 
search and retrieval, storage resources, information sharing, 
linking resources. Resources in an organization are defined as 
the medium that an organization has for their activities, which 
allows achieving the organization’s goals [2]. 

To facilitate activities within an organization is necessary 
to implement intelligent applications to assist and improve 
processes for the management of information resources within 
organization, regardless of whether it is centralized or 
distributed (corporate cloud). 

In particular, the objective of our research project is to 
propose a complete system for the management of an 

Organizational Memory (SMODAE) using Semantic Web 
technologies, in particular, ontologies and linked open data [3].  

Running SMODAE imposes the existence of various 
modules to support, for example, the analysis of the dialogue 
with the user, the collections’ management, the generation and 
management of resources corresponding to the indices of 
corporate memory and a motor resolution of questions which in 
turn interacts with engines: information search, reasoning and 
data mining. Another module would be able to decide if the 
result returned to the user (the response) is good or not to be 
kept permanently. This decision will depend on the feedback 
from the same user. 

Figure 1 highlights the user interactions with SMODAE, as 
well as the interactions of the administrator and the interactions 
of the system with the “outside”, Semantic Web. 

 

 
 

Figure 1. The interaction with the outside of SMODAE: users and Web 
Semantics. 
 

Therefore the implementation of search and retrieval 
indexes of resources in organizational memory is needed. For 
these, the indexes of information necessary to execute different 
procedures, depending on the type of information resource that 
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frequent terms. subsequently cleaned.  
Table 1 shows these most frequent terms.  

 
Table 1. Table showing the highest frequencies in the first test. 

Atribute Frequency 
<Unknown> 84578 

The 34145 
Be 19106 
Of 16789 
A 13609 

  
 It is evident that these frequent terms are not 

significant for descriptions of documents. We proceeded to 
perform the second test, which discriminates the following 
types of grammar: prepositions or conjunction subordinate 
(until, before, after, etc.), coordinating conjunction (and, but, 
nor, or, yet, etc.), determiner (a, an, every, not, the, etc.), wh 
determiner (which), wh pronoun (who, what and whom) wh 
adverb (how, where, why, etc.) personal pronouns, possessive 
pronouns, symbols (expressions that do not belong to the 
English language) and unfamiliar words (<unknown>) and the 
preposition to. 

Table 2 shows the most frequent terms in all, after the 
discrimination of grammatical types documents show. 

 
Table 2. Table showing the highest frequencies in the second test. 

Attribute Frequency 
Be 19106 

Ontology 4281 
Use 3896 

Annotation 3046 
Have 2888 

 
Table 3 shows per document the most frequent words, 

which form part of the description, these descriptions are 
obtained under the process of pre-processing described above, 
where the frequency of occurrence of words per document is 
posted and discriminating empty words, to finally obtain the 
significant words (these words are those with the highest 
frequencies) by document. 

Table 3. Table showing first description for each document.  

Document 
number 

Description 

1 Be, ontology, axiom, splitter, IC, editor, use, notation, part 
database. 

2 Ontology, be, use, Web, base, user, change, entity, can, 
support. 

3 Be, annotation, page, Web, ontology, RDF, semantic, 
information, user, use. 

4 Be, record, database, search, article, duplication, measure, 
do, result, equation. 

5 Be, model, process, annotation, ontology, goal, activity, 
semantic, have, can. 

 
Note that to obtain representative description of each 

document it is necessary to have at least the top 20 most 
frequent words. This gives us an overview of each document. 
However, they may be more or fewer words, considering that 
the more words will be taken for more precise description. 
Also we can take into account a specific type of grammatical 
words or we can only extract words from an external resource 
such as a thesaurus or ontology. 

IV. CONCLUSIONS 
 

In this article a methodology, its design and implementation 
for obtaining descriptions of information resources of a 
corporate memory through text mining techniques were 
described.  

It also shows that it is feasible to quickly extract 
descriptions of documents automatically through text mining, 
which can contribute to the construction of indices for 
information retrieval in a corporate memory.  

The pre-processing presented in this paper corresponds to 
the first part of the data mining module our system SMODAE. 
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